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y y_pred

TP = np.count_nonzero((y == y_pred) & (y_pred == 1))

TN = np.count_nonzero((y == y_pred) & (y_pred == 0))

FP = np.count_nonzero((y != y_pred) & (y_pred == 1))

FN = np.count_nonzero((y != y_pred) & (y_pred == 0))
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False Positive Rate (FPR) =

True Positive Rate (TPR) = Recall =

FP + TN
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both denominators are constant
,
while #predicted positives decrease
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ideal classifier
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is a deg-I hyperplane
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